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ABSTRACT. This paper presents an exploratory analysis of socioeconomic and demographic 
patterns of small and medium-sized (in terms of population) municipalities in the 
“deforestation arc” of Legal Amazonia1, Brazil. Using Principal Component Analysis (PCA) and 
Cluster Analysis (Two-Step-Cluster), this study explores 25 variables for 211 municipalities. In 
the PCA, these variables were reduced to five independent components (named development, 
forest, size, growth and stagnation), which explain around 73% of the total variability of the 
original database. Thereafter, the cluster analysis identified four groups, which present a well-
defined spatial distribution pattern in terms of localization and contiguity. The multiple results 
demonstrate that the associations among development and forest components depend on the 
historic advance of the economic activities in the deforestation arc, as well as the territorial 
characteristics and spatial location of the municipalities. In addition, size, growth and 
stagnation provide relevant complementary information for understanding the sustainable 
development dynamics in Legal Amazonia. Finally, the paper further explores implications for 
public policies seeking local sustainable development in the region.  
Key words: Amazonia, Deforestation, Local Sustainable Development, Multivariate Methods, 
Public Policies.  
 
INTRODUCTION  
 

The IPCC (Intergovernmental Panel on Climate Change) Fifth Assessment Report 
demonstrated that the second major source of human CO2 emissions in 2013 came from 
deforestation and forest degradation, which were responsible for over 10% of the world´s 
greenhouse gas (GHG) emissions and were concentrated in tropical areas (IPCC 2014). These 
findings have supported a growing interest among the international community to hold 
developed countries more responsible, while also encouraging developing nations to 
contribute to mitigation in the forest sector (Chakravarty et al. 2012; Busch and Ferretti-Gallon 
2014). In fact, the preservation of the tropical forests is particularly important given its 
potential contribution to mitigate the impacts of climate change (Busch and Ferretti-Gallon 
2014) and the dreadful regional consequences of deforestation and forest degradation (Nobre 
et al. 2009). 

In this context, REDD+ (Reducing Emissions from Deforestation and Forest Degradation 
and Enhancement of Carbon Stocks) has developed partnerships to disseminate knowledge 
and gather funds to subsidize forest protection initiatives in developing countries (REDD+ 
2008; Angelsen 2012; UN-REDD 2015). Brazil is considered a key partner by REDD+2 not only 
for hosting one-third of the current world´s rainforests (413.152 km2), including 65% of the 
largest tropical forest in the world (INPE 2014), but also for its potential funding initiatives and 
capacity to further south-south cooperation. In addition, the ecological effects of deforestation 
in Brazil are potentially large and the global climate system might be significantly affected 
(Hougton et al. 2001; Soares-Filho 2006). 

Deforestation and land degradation in Legal Amazonia are at the heart of the Brazilian 
efforts to mitigate climate change in the forestry sector. In 2004, the Brazilian government 
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launched the National Action Plan for Prevention and Control of Legal Amazonia Deforestation 
(PPCDAm), which established strategies for three main areas: 1. monitoring and environmental 
control; 2. land tenure regulations; and 3. sustainable development. Assunção et al. (2012) 
have estimated that between 2005 and 2009 the PPCDAm policies avoided 27% to 62% of 
deforested area, which represents 270 to 621 CO2 tons in the atmosphere. Based on these 
satisfactory results, the Brazilian government in 2009 has set an ambitious target to reduce 
deforestation by 80% below the historical baseline (19,500 km2 per year) by 2020 (BRASIL 
2009). The success of the Brazilian policies to protect Amazonia is also present in studies that 
highlight the monitoring enhancement and the Deforestation Detection System (DETER) 
implemented in 2004 (INPE 2015), the recent expansion of indigenous reserves and protected 
areas (Soares-Filho et al. 2010; Pfaff et al. 2015), the enforcement of logging laws (UCS 2011) 
and the partnerships with NGOs and the private sector (Green Peace 2009).  

In Legal Amazonia, INPE (National Institute for Spatial Research) registered in 2014 a 
deforestation rate 5.54 times lower than was observed 10 years ago (INPE 2014). According to 
Nepstad et al. (2009, p. 1350), due to international pressure and the current reduction of 
deforestation rates, the end of deforestation in the Brazilian Amazonia is finally feasible and 
“could result in a 2 to 5% reduction in global carbon emissions”. However, there is no 
guarantee it will be a definitive pattern. IPEA et al. (2011) reveals that the most effective 
actions of PPCDAm were focused on environmental monitoring and control, and actions that 
should ensure a durable reduction of deforestation have not occurred at a satisfactory 
effectiveness level. Furthermore, during the 2000s, the rate of deforestation in Amazonia was 
closely related to price variations of meat and soy in the international market (Hargrave and 
Kis-katos 2003; Macedo et al. 2011), and there was a strong correlation between the 
availability of agricultural credit and deforestation rates in Legal Amazonia (Andersen 1996; 
Barreto et al. 2009; Assunção et al. 2013). Despite the Brazilian efforts in the past decade, 
these studies suggest that the deforestation pace in Amazonia is still dangerously related to 
economic investment oscillations.  

Mitigation and REDD+ success in Legal Amazonia depend on policies that take into 
account cross-scale interaction, multisector involvement, bottom-up approaches and local 
participation. Cross-scale interaction is a key requirement to face deforestation in Legal 
Amazonia and, for optimum results, the private sector, the government and civil society should 
work in harmony to establish goals regionally and locally (Sandbrook et al. 2010; Korhonen-
Kurki et al. 2012; Sathler 2014). The lack of coordination among these stakeholders can hinder 
REDD+ governance in Brazil (Gebara et al. 2014). In addition, it is also important to stimulate 
the involvement of traditional communities by considering community-based forest 
management (CBFM) as part of a set of bottom-up strategies to protect the forest (Agrawal et 
al. 2008; Danielsen et al. 2010; 2013). 

The design and implementation of these arrangements must be accompanied by local 
sustainable development. Otherwise, the protection of the forest will always require a lot of 
energy and an undefined amount of financial resources. According to Mer et al. (2011), 
preserving the integrity of the Amazonian biome, while promoting local sustainable 
development, is a key challenge for the global strategy to mitigate climate change and it is 
indispensable for the regional and local ecological equilibrium. Local sustainable development 
requires economic, social and environmental policies, as well as social engagement, knowledge 
and long- and short-term planning (Steurer 2010; Jacob et al. 2013). Initiatives that combine all 
of these elements can contribute to strengthen local capacities to face deforestation and 
forest degradation in the region. Moreover, the local level environmental changes in Legal 
Amazonia, especially in the hydrological cycle, surface temperature and length of dry season 
(Findell et al. 2006; Killem and Solórzano 2008; Nobre et al. 2009; Shukla et al. 2015), made it 
clear that there is a need for local solutions, which will have to be exponentially replicated in 
order to have a positive impact on regional and global scales. 



3 
 

In 2008, the federal government launched the Sustainable Amazonia Plan (PAS) that 
proposed an integrated set of guidelines to guarantee sustainable development in Legal 
Amazonia. It incorporated many strategic policies at the state level and these might affect 
sustainable development at the local level. However, municipalities of Legal Amazonia are not 
deeply involved in projects for promoting sustainable development and the preservation of the 
forest, and initiatives has spread more through top-down policies (PAS and PPCDAm) than 
through local interventions in Legal Amazonia.  

Furthermore, assessing socioeconomic, demographic and environmental changes are 
fundamental to support the implementation of public policies that will take into account 
regional and local sustainable development in Legal Amazonia. In this context, several studies 
have contributed to  understand the levels of poverty, inequality and social vulnerability in the 
region (Pinedo-Vasquez et al. 2001; Sears et al. 2007; Mangabeira 2010; Calentano and 
Vedoveto 2011; Guedes et al. 2012) and to explain the interactions between deforestation and 
socioeconomic patterns in Legal Amazonia (Rodrigues et al. 2009; Calentano et al. 2012).  

Assessments should consider not only the larger cities and the most important regional 
centers, but also the small and medium-sized (in terms of population) municipalities, 
highlighting their demographic, socioeconomic and spatial specificities. Generally, small and 
medium-sized municipalities have distinct functions, synergies and capacities to produce social 
and environmental changes in both urban and rural areas when compared to municipalities 
that host cities at a higher level in the urban hierarchy. Many small and medium-sized 
municipalities in Legal Amazonia face serious environmental and social changes, as they serve 
as logistics bases to huge agro-industrial and mining projects, ensuring the frontier expansion 
and the internalization of economic activities. Public investments and the expansion of 
economic activities in these municipalities have caused important regional differences in their 
socioeconomic and demographic indicators. However, the links between deforestation and 
local sustainable development in the small and medium-sized Amazonian municipalities are 
understudied. In order to contribute to this debate, this paper brings an exploratory spatial 
analysis of environmental, socioeconomic and demographic patterns of small and medium-
sized municipalities in the deforestation arc. The empirical analysis investigates the spatial 
patterns of deforestation and a set of variables directly or indirectly related to local 
development between 2000 and 2010 in Legal Amazonia.  
 
METHODS 
 
Data 

This study explores data of 211 municipalities from Legal Amazonia that comprised the 
following conditions: a) deforested area higher than 200 Km2 between 2001 and 2010; b) more 
than 20% forested area in 2000 (baseline year); c) Capitals and the municipalities with more 
than 140 thousands inhabitants were not considered. This threshold took into account the 
regional specificities of the small and medium-sized municipalities in Legal Amazonia, 
especially how cities and rural settlements are distributed in the territory, as well as previous 
studies about the regional urban hierarchy (IBGE 2008; Sathler et al. 2010). In addition to that, 
eight municipalities were excluded due to the lack of census data information.  

In this analysis, twenty-seven initial variables represent nine different, but 
complementary dimensions, namely: territory, deforestation and forest, demographic, 
education, human development, economic, inequality, poverty and basic services (see Table 
1). 

 
Table 1 – Variables that characterize small and medium-sized municipalities, 2000-2010, 

Brazil – Legal Amazonia 
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Dimensions  n Variables / Units 
Year or 
Period 

Territory  1 Municipality area (km2) 2010 

Deforestation and 
forest 

2 Percentage of  deforestation  (%) 2001-2010 

3 Percentage of the municipality area in forests  (%) 2010 

Demographic 

4 Population   2010 

5 Percentage of urban population 2010 

6 Urban population growth (% per year) 2000-2010 

7 Rural population growth (% per year) 2000-2010 

8 Percentage of immigrants (considering population in 2010) 2000-2010  

9 Percentage of out-migrants (considering population in 2010) 2000-2010  

10 Life expectancy at birth (years) 2010 

11 Fertility Rate (children) 2010 

12 Child Mortality Rate (per 1,000) 2010 

13 Dependency ratio (%) 2010 

Education 

14 Illiteracy rate (per 1,000) 2010 

15 Percentage of people with poverty vulnerability and without complete primary 
education (%) 

2010 

Human Development 
16 Municipal Human Development Index 2010 

17 Municipal Human Development Index variation  2000-2010 

Economic 

18 Gross Domestic Product (R$) 2010 

19 Agricultural Gross Domestic Product  (%)  2010 

20 Industrial Gross Domestic Product  (%)  2010 

21 Services Gross Domestic Product  (%)  2010 

22 Gross Domestic Product  variation (% per year) 2000-2010 

Inequality 23 GINI Index 2010 

Poverty 24 Percentage of Poor people (%) 2010 

Basic Services  

25 Percentage of urban households with garbage collection (%) 2010 

26 Percentage of households with Electric  (%) 2010 

27 Percentage of households with inadequate water and  sanitation  (%) 2010 

Source: PRODES/INPE Brazil (2000-2010), IBGE (2000; 2010) and PNUD (2013). 

The deforestation and forest open data were provided by INPE, as part of the 
Amazonia Deforestation Calculation Program (PRODES). Since 1988, PRODES has provided 
yearly data at the municipal level, which allows researchers to integrate environmental 
information with multiple social and territorial dimensions. Figure 1 shows the accumulated 
deforestation in Legal Amazonia between 2001 and 2010 (in square km) estimated by kriging 
interpolation3. The deforestation arc advances and presses the forest on many fronts towards 
the interior of the Amazonia. In ten years, the deforestation was significant not only in 
municipalities located in the most densely populated areas, near to the main roads and rivers 
of the southern and eastern Amazonia (consolidated deforestation frontiers) but also in 
municipalities located in the central Pará state (areas with more 4,000 km2 deforested). 
Furthermore, in south Amazonas state, west Acre state and in the northern part of the region 
(new deforestation frontiers) there are many municipalities with more than 2,000 km2 
deforested. In Legal Amazonia, both consolidated and the new deforestation frontiers were 
active and registered expressive loss of forest in the 2000s. Moreover, the municipalities of the 
central part of Pará state generate great concern, since they concentrate a significant portion 
of deforestation in the region. Despite the deforestation deceleration, registered by INPE after 
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2004, the data demonstrated alarming information regarding the territorial extension of 
deforested areas. In order to associate deforestation with the other explored dimensions at 
the municipal level, this analysis has used the percentage of the deforested area instead of 
absolute deforestation.   

 
 
 

Figure 1 – Accumulated Deforestation in Legal Amazonia, 2001-2010. 

 

The demographic dimension is represented by 10 variables extracted from the 
Brazilian Microdata Population Censuses 2000 and 2010 (IBGE 2000; 2010). These variables 
provided information about population stock, mortality, fertility and age structure in 2010. The 
urban and rural population growth and last migratory stage4 between 2000 and 2010 are also 
part of this dimension. The education dimension is represented by two variables: illiteracy rate 
and percentage of poor people5 with no primary education. The human development 
dimension brings two important variables: the Human Development Index (HDI) in 2010 and 
the HDI variation between 2000 and 20106.  

The economic dimension is represented by Gross Domestic Product (GDP) in 2010, GDP 
variation between 2000 and 2010, and percentage of agriculture, industry and services in the 
GDP. While the inequality dimension is represented by the Gini index, the poverty dimension is 
represented by the percentage of poor people. Finally, the basic services dimension includes 
three variables: garbage collection, electric and households without adequate water and 
sanitation.  

 
Multivariate methods  
 

In order to analyze this set of variables, this study applied a factor analysis based on 
Principal Component Analysis (PCA) for data reduction and a cluster analysis for identifying 
groups. Both methods are described in the next subsections. 
Principal Component Analysis  

The first multivariate method is a PCA, a variant of factor analysis. Factor analysis is a 
statistical method used to describe variability among observed, highly correlated variables in 
terms of a potentially lower number of unobserved variables called factors (Mingot 2007; Lima 
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and Braga 2013). The PCA seeks to reduce a large number of p variables by a small number of 
m linear functions, which best summarizes large initial group of covariates (Mingoti 2007)7. In 
addition, principal components analysis is relevant to this study because many information 
vectors in the selected datasets are redundant. This characteristic might cause problems in 
further cluster analyses.  Therefore, the PCA was used to transform a set of original and 
interrelated variables into a new set of orthagonal and non-related components (Rodrigues 
and Branco 2006). 

Before implementing the PCA, a Kaiser Meyer Olkin (KMO) and a Bartlett test were 
performed in order to test the hypothesis that the variables are highly correlated. The KMO is 
a measure of adequacy that checks the fit of the data using all variables simultaneously. 
Acceptable values for continuing a PCA are around of 0.5 to 0.9. From the set of 27 variables, 
only two did not present value above 0.5, namely agricultural and industrial gross domestic 
products. These variables were not considered in the PCA. The next test, the sphericity 
Bartlett's, examines the hypothesis that the correlation matrix is an identity matrix, i.e. the 
main diagonal is equal to 1 and all other values are zero. In other words, there is no correlation 
between the variables. In this test, it was possible to reject the null hypothesis and argue that 
there is correlation among the variables considered. Once both tests are performed, the next 
step was the PCA application.  

The results of the principal component analysis are described by a correlation matrix 
(Table 2), which is used to label the constructs estimated by the PCA. In certain cases, the 
rotation methods are used in order to facilitate the interpretation of the correlations between 
the original variables and the estimated components. Here, a Varimax rotation method was 
applied to minimize the number of variables in each component8. In the end, the PCA 
transforms the original set of covariates into standardized uncorrelated components with 
numerical values, or scores, ranging from -∞ to + ∞, average centered on zero and standard 
deviation equal to 1 (Mingoti 2007). These uncorrelated components are then used in a cluster 
analysis. 
 
Cluster Analysis  

As a second step, a cluster analysis was applied in order to explore the possible spatial 
clusters among municipalities in Legal Amazonia based on the five standardized and 
uncorrelated components. The cluster analysis was performed by a two-step cluster, an 
algorithm designed to handle both continuous and categorical variables. First, the two-step 
pre-clusters the records into many small sub-clusters, and then it aggregates those sub-
clusters into the desired number of clusters9. The records in one sub-cluster should end up in 
one of the final clusters so the pre-cluster step will not affect the accuracy of the final 
clustering (SPSS 2001). In general, inaccuracy from the pre-cluster step decreases as the 
number of sub-clusters from the pre-cluster step increases. However, too many sub-clusters 
will slow down the second stage clustering.  

The number of optimal cluster is selected according to criterion suggested by Fraley 
and Raftery (1998). They proposed a Bayesian information criterion (BIC) as the criterion 
statistic for the Expected Maximization (EM) clustering method. Therefore, the two-step 
clustering estimates BIC for each number of clusters within a specified range, and uses it to 
find the initial estimate for the number of clusters. The second step refines the initial estimate 
by finding the greatest change in distance between the two closest clusters in each hierarchical 
clustering stage (SPSS 2001). 

 
RESULTS 

The 25 initial variables were reduced to five octagonal and independent components. 
These components are able to explain around 73% of the total variability of the original 
database (Table 2). In other words, around three quarters of the initial information of the 25 
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variables was compressed into five principal components. These five components were chosen 
according to the scree plot (Figure 2) and eigenvalues above 1 (Kaiser 1958). 

 
Table 2 – Total variance explained by the principal components 

Parameters  
Components  

PC1 PC2 PC3 PC4 PC5 

Standard deviation 3,081 1,820 1,578 1,333 1,061 

Proportion of Variance 0,380 0,132 0,100 0,071 0,045 

Cumulative Proportion 0,380 0,512 0,612 0,683 0,728 

Source: PRODES/INPE Brazil (2000-2010), IBGE (2000; 2010) and PNUD (2013). 

Figure 2: Scree plot of the number of components 

 

Table 3 demonstrates the correlation matrix of the rotated components by the Varimax 
method. The five principal components are described as follows: 

 

 The first principal component (development) characterizes municipalities with high 
levels of poverty, inequality and social vulnerability. This component has a high 
positive correlation with the infant mortality (0.80), dependency ratio (0.79), illiteracy 
rate (0.80), percentage of poor population (0.86) and percentage of households 
without water piped and sewage network (0.78). It has a high negative correlation 
with the life expectancy (-0.83) and HDI (-0.89). The results also indicate a moderate 
negative correlation between this component and the percentage of urban population 
(-0.55), immigrants (-0.52) and out-migrants (-0.45). Very low levels of HDI in 2000 
explain the positive correlation between the first principal component and HDI 
variation in the decade (0.75);  

 The second principal component (forest) has a strong negative correlation with the 
percentage of deforestation (-0.82) and a positive correlation with the percentage of 
forest in 2010 (0.82). This component also has information about the municipality´s 
area, establishing a moderate positive correlation (0.61); 

 The third principal component (size) characterizes municipalities with the highest 
values of population size (0.87) and GDP (0.75). Also, it has a moderate positive 
correlation with the percentage of urban population (0.56); 

 The fourth principal component (growth) has a positive correlation with the Urban 
(0.69) and Rural Growth (0.73) rates. It presents a negative correlation with the out-
migration (-0.68);   

 The fifth principal component (stagnation) has a negative correlation with the GDP 
growth between 2000 and 2010 (-0.72). It also presents a moderate negative 
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correlation with the immigration (-0.59). This component characterizes municipalities 
with a high percentage of services in its GDP composition (0.73) because of its low 
levels of investments in the agricultural and industrial sectors. 

 
 
 
 
 
 
 
 

 
Table 3 – Correlation matrix of the rotated components by the Varimax method, Legal 

Amazonia, 2000-2010. 

Variables 
Principal Components 

PC1 
Development 

PC2 
Forest 

PC3 
Size 

PC4 
Growth 

PC5 
Stagnation 

Municipality area (km2) 0.02 0.61 0.38 -0.04 0.06 

Percentage of deforestation (%) 0.27 -0.81 -0.07 0.06 0.19 

Percentage of forest (%) -0.03 0.81 0.07 0.09 -0.11 

Population 0.13 0.11 0.87 0.12 0.20 

Percentage of urban population (%) -0.54 0.02 0.56 -0.25 -0.06 

Urban population growth (% per year) 0.08 0.05 0.05 0.69 -0.34 

Rural population growth (% per year) -0.02 -0.01 0.11 0.73 0.00 

Life expectancy at birth (years) -0.84 0.34 -0.12 0.09 -0.04 

Fertility Rate (children) 0.69 0.32 -0.2 0.08 0.10 

Infant Mortality Rate (per 1,000) 0.80 -0.45 0.13 -0.11 0.03 

Dependency ratio (%) 0.79 0.19 -0.04 0.10 0.36 

Percentage of immigrants (considering population in 2010) -0.52 0.12 -0.28 0.20 -0.59 

Percentage of out-migrants (considering population in 2010) -0.45 -0.07 0.12 -0.68 -0.15 

Illiteracy rate (per 1,000) 0.80 -0.07 -0.16 0.01 0.26 

Percentage of people with poverty vulnerability and without 
complete primary education (%) 0.87 0.21 -0.16 0.19 0.19 

Municipal Human Development Index -0.89 -0.08 0.17 -0.22 -0.18 

Municipal Human Development Index variation  0.75 -0.27 -0.09 -0.04 -0.35 

Gross Domestic Product (R$) -0.38 0.13 0.75 0.12 0.01 

Services Gross Domestic Product (%)  0.33 -0.04 0.2 0.17 0.73 

Gross Domestic Product variation (% per year) -0.15 0.07 0.00 0.31 -0.72 

GINI Index 0.44 0.47 -0.14 -0.01 0.33 

Percentage of poor people (%) 0.86 -0.01 -0.14 0.15 0.4 

Percentage of urban households with garbage collection (%) -0.46 0.42 0.11 -0.06 -0.31 

Percentage of households with Electricity (%) -0.43 -0.62 0.24 -0.32 -0.27 
Percentage of households with inadequate water and sanitation 
(%) 0.78 -0.08 0.09 0.22 0.28 

Source: PRODES/INPE Brazil (2000-2010), IBGE (2000; 2010) and PNUD (2013). 

The five components were then classified according to a cluster method. The results of 
the cluster analysis are provided in Table 4. Based on the Bayesian Information Criterion (BIC), 
four clusters are the best solution for the used algorithm. The content of each cluster is 
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analyzed according to the mean values of each cluster distributed across the five components 
obtained in previous PCA.   
 

Table 4 - Cluster results (means and frequency) based on estimated principal components, 

2000-2010. 

Cluster Development  Forest  Size Growth Stagnation  n 

1 0.642  -1.602  -0.084 -0.017 0.687 35 

2 0.140  0.125  0.480 0.275 -0.791 77 

3 -0.972  -0.004  -0.312 -0.821 -0.086 52 

4 0.367  0.993  -0.379 0.469 0.879 47 

            Source: PRODES/INPE Brazil (2000-2010), IBGE (2000; 2010) and PNUD (2013). 

Cluster 1 groups the municipalities with the highest average in the PCA development 
component (0.64) and also has a high average value for stagnation (0.69). These 35 
municipalities have the worst social indicators among the clusters. The development 
component also indicates that these municipalities have high fertility rate and dependency 
ratio. Cluster 1 is characterized by municipalities with low GDP variation between 2000 and 
2010, low migratory attractiveness and an undiversified economy, essentially based on 
services. On average, these municipalities have strong negative correlation with the forest 
component, suggesting small territorial size, high percentage of deforested area in the 
analyzed period and also low percentage of forested area in 2010.  

Cluster 2 aggregates 77 municipalities that exhibited on the average a high negative 
average of stagnation component (-0.79) and a moderate positive average of size component 
(0.48). Thus, it means that these municipalities have the highest values of GDP variation and a 
significantly migratory attractiveness. Additionally, their economies are not only concentrated 
in services. Despite the moderate positive average of size component, the cluster 2 aggregates 
municipalities with the highest population stocks and also the highest GDP values in Legal 
Amazonia.  

Cluster 3 municipalities have the lowest average values of development and growth in 
Legal Amazonia (-0.97 and -0.82, respectively). These municipalities have the most favorable 
social indicators among the other groups. They exhibit low population growth in the urban and 
rural areas and high out-migration values between 2000 and 2010. The results demonstrate 
that the stagnation and forest components have values near to zero in this cluster. Cluster 3 
also presents lower GDP variation and migratory attractiveness than cluster 2. Moreover, 
cluster 3 brings together municipalities with intermediate territorial size for the regional 
patterns and no large variations in the percentage of deforested areabetween 2000 and 2010.  

Cluster 4 aggregates municipalities with high average values in the forest (0.99) and 
stagnation (0.87) components. The development (0.36), growth (0.47) and size (-0.38) 
components also have significant values for the description of this cluster. Therefore, these 
municipalities have a low percentage of deforested areas, high percentage of forest in 2010 
and large territorial dimensions, but small populations and economies. This cluster is 
characterized by low economic growth and undiversified economy, concentrated in services. 
Given the moderate negative relationship between immigration and the stagnation 
component, the results suggest that the significant population growth in these municipalities 
might be explained by the low out-migration and strong natural growth between 2000 and 
2010. The moderate level of the development component shows that cluster 4 has higher 
fertility and dependency ratio levels than clusters 2 and 3.  

Figure 3 displays the spatial distribution of these clusters in Legal Amazonia, and it is 
possible to observe a well-defined pattern in terms of localization and contiguity. The 
municipalities that belong to cluster 1 present the lower territorial dispersion and are basically 
concentrated in the North part of the Maranhão state. On the other hand, the cluster 2 
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presents the highest territorial dispersion. They are located in the heart of the deforestation, 
especially in the East and South of the Pará state, and are also present in regions with 
important regional railways and massive agricultural projects, as in the central part of Mato 
Grosso and Maranhão, and in Rondônia state. The cluster 3 is located essentially in the Mato 
Grosso state, with little significant presence in Rondônia and eastern Pará. In the Mato Grosso 
region, it surrounds the municipalities of cluster 2, which have the greatest demographic and 
economic size and are located near to the 153 road. In addition to that, the cluster 4 
municipalities are mainly located in the northern part of Legal Amazonia, mostly in areas 
where the transportation is made exclusively by the rivers. Some of these municipalities are 
also near to the deforestation arc.       

 

 

 

 

 

Figure 3 – Spatial distribution of the clusters in Legal Amazonia, 2000-2010. 

 

DISCUSSION AND POLICY RECOMMENDATIONS  
 

Although several studies have advanced the general understanding of the conservation 
benefits (Börner et al. 2009; UNDP 2012) and the negative impacts of deforestation in Legal 
Amazonia (Moran 1993; Rodrigues et al. 2009; Calentano et al. 2012), it is also necessary to 
encourage further evaluation of how local development levels might hinder or contribute to 
forest protection. The general improvement of socioeconomic and demographic indicators 
related to human development may bring new perspectives for initiatives that seek to ensure a 
lasting cycle of prosperity in harmony with preservationists’ interests in the region. Local 
sustainable development is the key requirement for an important paradigm shift in the region, 
which would imply the reduction of expenditures on monitoring and control of deforestation 
and the increase of income generated by forestry ecological services. 



11 
 

Jha and Bawa (2006) and UNDP (2011) have found a clear correlation between 
deforestation and human development by comparing variables among different regions of the 
world. In general, these macro analyses show that in tropical areas with high population 
growth, low human development is associated with high deforestation rates, while high 
human development is associated with low deforestation rates. However, at the regional scale, 
this study demonstrates that the associations between these variables are more complex and 
must consider the historic advancements of the economic activities in the deforestation arc, as 
well as the territorial characteristics and the spatial location of the municipalities. 

In this context, spatial data integration and statistical analysis are crucial to assess 
deforestation and local development (Fonseca et al. 2009; Santos et al. 2014).  The PCA and 
cluster analysis provide multiple results by integrating 25 environmental and census variables 
at the municipal level in Legal Amazonia. In the PCA, development and forest are the two 
strongest components, given their proportion of the variance (0.380 and 0.132 respectively), 
and were decisive for the clusters definition.  In addition, size, growth and stagnation provide 
relevant complementary information for understanding the sustainable development 
dynamics in Legal Amazonia.  These components show that there are different levels of 
demographic and economic pressures among clusters, while suggesting some important 
trends, such as the internalization of investments and demographic growth in the region. 

Cluster 1 municipalities have low human development levels, high deforestation rates 
and low percentages of forested areas. Jha and Bawa (2006) have found this same pattern by 
investigating 30 of the most important world deforestation hotspots in the 1990s, but their 
results were concerned with areas characterized by high population growth. Instead, in this 
analysis, cluster 1 has exhibited high levels of environmental depletion even with an 
inexpressive population growth and high stagnation component. Moreover, cluster 4 
municipalities have low levels of human development, high levels of stagnation, significant 
levels of natural population growth with the largest forest average among the four clusters. 
Given the cluster 4 specificities, it does not necessarily mean that there is a different 
association between these variables. Cluster 4 municipalities have the lower mean of size 
component, are located mainly in the new deforestation frontiers and present on average an 
expressive percentage of forested area. Also, their huge territorial area contributes to the 
relatively low percentages of deforestation registered between 2001 and 2010, although the 
absolute deforestation numbers are significant in the cluster 4 municipalities given their high 
stagnation and low size values. Additionally, the associations between development and forest 
components are less clear in clusters 2 and 3, whereas the penetration of economic activities 
and the historical advancement of the deforestation arc are crucial for both of these cluster 
configurations.  

The results indicate well-defined differences between the explored demographic 
parameters, revealing some interesting patterns among the clusters. Significant migratory 
attractiveness and economic dynamism presented in cluster 2 as well as the high out-migration 
levels presented in cluster 3 suggest that these groups of municipalities were essential to the 
frontier evolution in this region. This finding corroborates previous studies, which demonstrate 
the predominance of the internal migration in the region (e.g. Perz 2002; Becker 2005). 
Furthermore, the information regarding urban and rural population growth, fertility rate and 
dependency ratio might indicate that cluster 1 and cluster 4 municipalities are delayed in the 
demographic transition when compared to cluster 2 and cluster 3. The pace of the 
demographic transition is strongly related to human development levels. Generally, developed 
regions are more advanced in this process than developing regions (Lee 2003; Reher 2011). In 
this study, the results are consistent with the demographic transition theory since human 
development levels are lower in clusters 1 and 4 compared to clusters 2 and 3.  

Demographic transition and age structure changes are increasingly impacting the 
population distribution and also creating environmental pressures in both urban and rural 
areas in Legal Amazonia (Andersen et al. 2002; Perz et al. 2005). Changes in fertility and life 
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expectancy have increased the proportion of adults and reduced the dependency rate, 
especially in the more developed municipalities (IBGE 2000; 2010). Therefore, development 
levels are associated not only with more opportunities that assure forest conservation, but 
also with demographic changes that might cause negative environmental impacts in the 
region, such as increases in consumption and land demands (Campos 2014; Mello and Sathler 
2015). Also, young adults are likely to be relevant actors in labor migration (UN 2011; 
Kupiszewski 2013), which can impact the population distribution and increase the pressure on 
natural resources in Legal Amazonia.  

Moreover, related literature suggests that variations in the household life cycle and 
the reduction of the dependency rate driven by the demographic transition represent a real 
problem for forest preservation in the rural areas (Bilsborrow and Stupp 1997; Bilsborrow and 
Carr 2001; Guedes 2010). According to complementary information provided by IBGE (2010), 
cluster 2 (63.30%) and cluster 3 (66.96%) municipalities have on average higher proportion of 
adults (15 to 64 years) than clusters 1 (61.43%) and 4 (58.98%) municipalities, and  these 
figures are likely to increase in the next decade (Rigotti 2012). Thus, public policies must be 
aware of the opportunities and challenges arising from demographic transition and household 
changes in Legal Amazonia.  

This investigation confirms the need for specific analysis in social and environmental 
studies for small and medium-sized municipalities in Legal Amazonia. In these municipalities, 
economic investments and the advancement of frontiers may cause significant local changes in 
some key explored variables, especially when they are starting from very low levels in the base 
year. In addition, the interpretation of some variables can change according to the population 
size or level of importance of the municipality in the regional hierarchy. For instance, in the 
small and medium-sized municipalities, high values of services in the GDP composition 
generally mean lower levels of economic diversification and lack of investments in other 
economic sectors. This information has a different meaning for the administrative capitals and 
big municipalities that have their economies based on more specialized and diversified services 
(IBGE 2000; 2010). 

Moreover, further research on topological relations among deforestation, forest stock, 
and other mapped elements (roads, rivers, protected areas, economic activities and urban 
agglomerations) might reveal relevant insights for this discussion. Spatial distribution and 
proximity are essential for the understanding of the interactions among socioeconomic, 
demographic and environmental variables (Rindfuss and Stern 1998). Additionally, time-series 
data can be helpful to characterize the evolution of deforestation and social variables in the 
region.   

The identification of patterns and improved understanding of the specificities and 
differences among the clusters may assist in the design of policies for local sustainable 
development, for the preservation and the regeneration of the forest. Cluster 1 municipalities 
deserve special attention in the implementation of local sustainable development initiatives, 
given their very low forest stocks and development levels. The policies should focus on 
promoting forest recovery, starting from the most sensible areas such as those surrounding 
springs and streams. Local development policies should support economic diversification by, 
for example, attracting more investments in non-traditional economic sectors, and the 
improvement of the existing services needs to be encouraged in concert with policies for forest 
regeneration. In the short-term, there is little or no possibility to implement environmental 
services that depend on significant forest stock in these municipalities. 

Cluster 2 municipalities should continuously strengthen their environmental 
monitoring and control policies, considering their spatial location and the behavior of 
economic, social and demographic variables. Public policies must be aware of the dynamic 
reality of economic growth and demographic dynamic. Local governments should face the 
challenge of transforming economic growth in local sustainable development. 
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Cluster 3 municipalities present the best social indicators, which in theory can 
contribute to the sustainable development growth and also to combat deforestation. The 
stakeholders should promote actions to rehabilitate the deforested areas by emphasizing the 
protection of springs and riparian forests. Given that the deforestation arc has greatly 
damaged the forest stretching from the southern portion of Legal Amazonia into its interior, 
the results indicate the existence of some favorable conditions in these municipalities for the 
initiation of a strong movement for the recovery of forests and the enhancement of local 
sustainable development, advancing also from the southern portion toward the interior of 
Legal Amazonia. In these municipalities, the consolidated frontiers of deforestation should 
become the new frontiers of sustainable development.  

Finally, cluster 4 municipalities have on average the worst social indicators among 
those that still have significant stocks of forest (clusters 2 and 3). The results indicate the 
absence of strong migratory movements in these municipalities, and a significant natural 
population growth in these areas. The municipalities of this group that are close to the 
deforestation arc require more careful work to maintain the forest stocks and improve living 
conditions.  

In order to promote local participation in actions related to sustainable development 
and forest preservation, the Brazilian government should create and stimulate a network of 
municipalities in Legal Amazonia. Local governments´ networks are important to share 
knowledge and expertise, stimulate cooperation and attract funding (ICLEI 2012; Labaeye 
2013). Since neighboring municipalities usually have close territorial characteristics and 
development patterns, the suggested network also could stimulate partnerships and integrate 
projects involving local governments with different capacities and distinct demographic, 
economic and functional sizes. This would help to break down barriers that hinder local 
sustainable development and the preservation of the forests. Additionally, municipalities can 
also integrate existing knowledge networks, such as ICLEI (Local Governments for 
Sustainability) and REGATTA (Regional Gateway for Technology Transfer and Climate Change 
Action in Latin American and the Caribbean).  

Lastly, municipalities must continually improve their ability to interact with projects 
developed at the regional and national levels. According to MacCarney (2006), the lack of 
interaction of local governments with regional and national plans has been critical to the 
failure of public policies. In Legal Amazonia, municipalities should take advantage of the 
mobilizations, plans and actions developed for states and the national government. The 
Sustainable Amazonia Plan and its outcomes can assist municipalities to formulate and achieve 
their local developmental goals and partnerships between municipalities and the national 
government can maximize the local results of PPCDAm.  
 
Endnotes 
 
[1] Brazil’s Legal Amazonia is a policy-defined region formed by 772 municipalities, distributed in nine states (Acre, 
Amazônas, Rondônia, Roraima, Mato Grosso, Pará, Maranhão, Tocantins and Macapá). The expression 
“deforestation arc” usually refers to the area along the eastern, southern and western edges of the forest 
(Fearnside 2008). However, this study consider all the municipalities that have registered more than 200 km

2
 of 

deforestation between 2001 and 2010 as part of the deforestation arc, by incorporating also the northern edges of 
Legal Amazonia. 
 
[2] Despite the natural leadership of Brazil in the REDD+ forums in the recent years, the country opted to not 
become an official partner of the UN-REDD Programme and the FCPF. The Brazilian Ministry of Environment (MMA) 
argues that deforestation-fighting strategies must be determined domestically. Notwithstanding, Brazil will be the 
first country to have its results of REDD+ recognized for UNFCCC according to MMA (BRASIL, 2015). For additional 
information see <http://redd.mma.gov.br>. 
 
[3] According to Bohling (2005, p. 2) kriging is an “optimal interpolation method based on regression against 
observed z values of surrounding data points, weighted according to spatial covariance values”. 
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[4] People with less than ten years of residence in the municipality should indicate the municipality and state (or 
foreign country) where they lived previously. Thus, the information collected refers to the last migratory stage, 
which may have occurred in the 10 years preceding the Census (Carvalho and Rigotti 1998). 
 
[5] Percentage of people with per capita household income equal or less than R$ 140.00 (Brazilian Real) per month 
in 2010 (IBGE 2010).   
 
[6] This index was created by the United Nations (UN) and incorporates three indicators: the per capita income, the 
literacy rates and the life expectancy. Although the index includes some information already present in the table, it 
is a complementary measure with great potential for comparability. 
 
[7] According to Darlington (2010), there are numerous mathematical solutions to this problem. However, the 
establishment of three conditions provides a unique solution for any database: a) First, linear functions derived 
from such method should not be correlated; b) Second, the groups of m linear functions should include functions 
for smaller groups; and c) Third, the sum of squares weights that define each linear function must be equal to 1. 
According to these three conditions, the estimated principal components will be represented by m linear functions 
that decline in importance with increasing variance. 
 
[8] In this method, the components are rotated until they match a simpler structure (Mingoti 2007). The number of 
components is estimated according to the eigenvalues and the empirical rule of Henry Kaiser. According to this rule, 
the number of components for the reconstruction of the initial information items must have eigenvalues higher 
than 1 (Mingoti 2007; Darlington 2010). 
 
[9]This is the basic concept of two-stage clustering methods like BIRCH (Zhang et al. 1996). Therefore, first it applies 
a sequential cluster method to the dataset to compress the dense regions and form sub-clusters. In the second 
stage, it applies a cluster method on the sub-clusters to find the desired number of clusters. 
 
Acknowledgements 
The authors would like to thank Mauro Augusto do Santos (Univale-Brazil), Sandra Baptista (Columbia University), 
Alex de Sherbinin (Columbia University) and Maureen Nappi (LIU) for their contribution in this paper. The first 
author was sponsored by CAPES Foundation, Ministry of Education, Brazil. He has been working as a Postdoc 
fellowship provided by CAPES at CIESIN/Columbia University. 

 
Compliance with Ethical Standards 
 
Funding: This study was partially funded by CAPES Foundation, Ministry of Education, Brazil.  (grant number 
99999.000832/2015-04). 
Conflict of Interest: First author has received research grants from CAPES Foundation, Ministry of Education, Brazil. 
The authors declare that they have no more conflicts of interest. 
 

References 
Amin S, Casterline JB, Spess L. 2007. Poverty and Fertility: evidence and agenda. The 
Population Council 4.  
 
Andersen L. 1996. The causes of deforestation in the Brazilian Amazon. The Journal of 
Environment & Development 5: 309-328. 
 
Angelsen A, Brockhaus M, Sunderlin W, Verchot V. 2012. Analysing REDD+: Challenges and 
choices. CIFOR. 
 
Assunção J, Gandour C, Rocha R. 2012. Deforestation slowdown in the Legal Amazon: prices or 
policies? Climate Policy Iniciative. 
 
Assunção J, Gandour C, Rocha R. 2013. Does Credit Affect Deforestation? Evidence from a rural 
credit policy in the Brazilian Amazon.  Núcleo de Avaliação de Políticas Climáticas. 
 
Barreto P, Silva D. 2009. The challenges to more sustainable ranching in the Amazon. The State 
of the Amazon 14: 554-556. 



15 
 

 
Becker B. 2005. Geopolítica da Amazônia. Estudos avançados. 53: 71-86. 
 
Bilsborrow RE, Carr D. 2001. Population, agricultural land use and the environment in 
developing countries. Pages 35-55 in Lee D, Barrett C, eds. Tradeoffs or synergies? Agricultural 
intensification, economic development and the environment. CAB International. 
 
Bilsborrow RE, Stupp P. 1997. Population dynamics, land use change and deforestation in 
Guatemala. Pages 581-623 in Anne P, Bixby LR, eds. Population and development in the 
Isthmus of Central America. RAND Corporation. 
 
Bizikova L, Robinson J, Stewart C. 2011. Linking climate change and sustainable development at 
the local level. Climate Policy 7: 271-277. 
 
Bohling G. 2005. Kriging. CPE. 
 
Börner J, Wunder S, Wertz-Kanounnikoff S, Tito MR, Pereira L, Nascimento N. 2009. Direct 
conservation payments in the Brazilian Amazon: Scope and equity implications, Ecological 
Economics.  
 
Brasil. 2013. Plano de Ação para prevenção e controle do desmatamento na Amazônia Legal: 
3ª fase (2012-2015) pelo uso sustentável e conservação da Floresta. Ministério do Meio 
Ambiente. 
 
Brasil. 2015. Ministério do Meio Ambiente: REED+. (23 September 2015; 
http://redd.mma.gov.br) 
 
Busch J, Ferretti-Gallon K. 2014. Stopping deforestation: what works and what doesn’t. CGD 
Climate and Forest. 
 
Carvalho JAM, Rigotti JI. 1998. Os dados censitários sobre migrações internas: algumas 
sugestões para análise. In: XI Encontro Nacional de Estudos Populacionais. Cachambu, Brazil. 
ABEP.   
 
Calentano D, Vedoveto M. 2011. A Amazônia e os objetivos de desenvolvimento do Milênio. 
Articulación Regional Amazónia. 
 
Campos MB. 2014. Por uma reflexão demográfica das mudanças ambientais no Brasil. Revista 
Espinhaço 3(1): 17-23. 
 
Celentano D, Veríssimo A, Sales M, Sills E. 2012. Welfare outcomes and the advance of the 
deforestation frontier in the Brazilian Amazon. World Development 40: 850-864. 
 
Chakravarty S, Ghosh SK, Shukla G. 2012.Deforestation: causes, effects and control strategies. 
Pages 3-29 in Okia CA, eds. Global Perspectives on Sustainable Forest Management. In Tech. 
 
Danielsen F, Adrian T, et al.  2013. Community monitoring for REDD+: international promises 
and field realities. Ecology and Society 18: 41. 
 
Danielsen F, Burgess ND, Jensen PM, Pirhofer Walzl P. 2010. Environmental monitoring: the 
scale and speed of implementation varies according to the degree of people involvement. 
Journal of Applied Ecology 47: 1166–1168. 



16 
 

 
Fonseca F, Davis CA, Câmara G. 2009. Spatial data infrastructures for the Amazon: a first step 
towards a global forest information system. Earth Sci Inform. 
 
Forsyth T. 2009. Multilevel, multifactor governance in REDD+: participation, integration and 
coordination. In: Angelsen, A. (ed.), Realising REDD+: national strategy and policy options. 
Center for International Forestry Research, Bogor, Indonesia. 113–124. 
 
Fraley C, Raftery AE. 1998. How many clusters? Which clustering method? Answers via model-
based cluster analysis. Computer Journal 4: 578-588. 
 
Gebara ML, Fatorelli P, May Z. 2014. REDD+ policy networks in Brazil: constraints and 
opportunities for successful policy making. Ecology and Society 19: 53. 
 
Greenpeace International. 2009. Slaughtering the Amazon. Amigos da Terra–Amazônia 
Brasileira. 
 
Guedes GR. 2010. Ciclo de vida domiciliar, ciclo do lote e mudança no uso da terra na 
Amazônia Rural Brasileira – um estudo de caso para Altamira, Pará.  Belo Horizonte, Brazil. 
 
Guedes G, Brondízio E, Barbieri A, Anne R, Penna‐Firme R, D’Antona Á. 2012. Poverty and 
inequality in the rural Brazilian Amazon: a multidimensional approach. Human Ecology 40: 41‐
57. 
 
Günther I, Günther F. 2010. Water, sanitation and children’s health evidence from 172 DHS 
surveys. Policy Research Working Paper 5275. 
 
Hall A. 2012. Forests and Climate Change: The Social Dimensions of REDD in Latin America. 
Cheltenham, Northampton. Edward Elgar. 
 
Hargrave J, Kis-katos K. 2013. Economic causes of deforestation in the Brazilian Amazon: a 
panel data analysis for the 2000s. Environmental Resource Economics 54: 471-494. 
 
[IBGE] Instituto Brasileiro de Geografia e Estatística. 2000. Brazilian Demographic Census. Rio 
de Janeiro, Brazil. 
 
[IBGE] Instituto Brasileiro de Geografia e Estatística. 2010. Brazilian Demographic Census. Rio 
de Janeiro, Brazil.  
 
[IBGE] Instituto Brasileiro de Geografia e Estatística. 2008. Regiões de Influência das Cidades 
2007. (12 August 2015: http://www.ibge.gov.br/home/geociencias/geografia/regic.shtm) 
[ICLEI] Local Governments for Sustainability. 2012. Local Sustainability 2012: Taking stock and 
moving forward. Global review, ICLEI Global Report, Bonn, Germany. 
 
[INPE] Instituto Nacional de Pesquisas Espaciais. 2002. Monitoring of the Brazilian Amazon 
Forest by Satellite 2000-2001. 
 
[IPCC] Intergovernmental Panel on Climate Change. 2014. Synthesis report of contribution of 
Working Groups I, II and III to the Fifth Assessment Report of the Intergovernmental Panel on 
Climate Change. Climate Change 2014. (25 June 2015; www.ipcc.ch/pdf/assessment-
report/ar5/syr/AR5_SYR_FINAL_All_Topics.pdf) 
 



17 
 

[IPEA] Instituto de Pesquisa Econômica Aplicada, [GIZ] Deutsche Gesellschaft fur Internationale 
Zusammenarbeit, [CEPAL] Comissão Econômica para a América Latina e Caribe. 2011. 
Avaliação do Plano de Ação para Prevenção e Controle do Desmatamento na Amazônia Legal: 
2007-2010. IPEA, GIZ, CEPAL. (01 June 2015; 
http://repositorio.ipea.gov.br/bitstream/11058/885/1/Resultados%20avaliacao%20PPCDAm_s
eminario%20avaliacao_JH03x.pdf) 
 
Jacob K, Kannen H, Niestroy I. 2013. Successfully developing sustainable development 
strategies: Analysis of sustainable development strategies at the international level (In 
German). Bertelsmann Stiftung. 
 
Jha S, Bawa KS. 2006. Population growth, human development, and deforestation in 
biodiversity hotspots. Conservation Biology 20(3): 906-912. 
 
Kaiser HF. 1958. The varimax criterion for analytic rotation in factor analysis. Psychometrika, 
23: 187-200.  
 
Killem J, Solorzano LA. 2008. Conservation strategies to mitigate impacts from climate change 
in Amazonia. Philosophical Transactions of the Royal Society B 363: 1881-1888. 
 
Korhonen-Kurki M, Brockhaus A, Duchelle S, Atmadja TT. 2012. Multiple Levels and multiple 
challenges for REDD+. In Angelsen A, Brockhaus M, Suderlin W, Verchot L, eds. Analysing 
REDD+: challenges and choises. Center for International Forestry Research. pp. 91-110. 
 
Kupiszewski M. 2013. The Use of International Migration Theories in Migration Forecasting—A 
Practical Approach. Springer. 
 
Labaeye A, Sauer T. 2013. City networks and the socio-ecological transition. A European 
inventory Working Paper n. 27.  
 
Lee R. 2003. The Demographic Transition: Three Centuries of Fundamental Change. Journal of 
Economic Perspectives 17(4): 167–190. 
 
Lima EC, Braga FG. 2013. Da rotatividade migratória à baixa migração: uma análise dos padrões 
da mobilidade populacional no Brasil de 1995-2000. Revista Brasileira de Estudos 
Populacionais 30: 57-75. 
 
McCarney PL. 2006. Our Future: Sustainable Cities – Turning Ideas into Action. In United 
Nations World Urban Forum III. Nairobi. 
 
Macedo MN, et al. 2011. Decoupling of deforestation and soy production in the southern 
Amazon during the late 2000s. Proceedings of the National Academy of Sciences 109: 1341-
1346. 
 
Mangabeira J. 2010. Serviços ecossistêmicos e trajetória de capitalização agrícola: o caso de 
Machadinho D'Oeste-RO. PhD dissertation. Universidade Estadual de Campinas, Campinas, 
Brazil. 
 
Meir P, Mitchell A, Marengo J, et al. 2011. Ecosystem Services for Poverty Alleviation in 
Amazonia. Global Canopy Programme and University of Edinburgh. 
 



18 
 

Mingoti SA. 2007. Análise de dados através de métodos de estatística multivariada: uma 
abordagem aplicada. UFMG Press. 
 
Naidoo R, Ricketts TH. 2006. Mapping the Economic Costs and Benefits of Conservation. PLoS 
Biol 4(11): e360.  
 
Nobre P, et al. 2009. Amazon deforestation and climate change in a coupled model 
simulation. Journal of Climate 22: 5686-5697. 
 
Mello, LF, Sathler, D. 2015. A demografia ambiental e a emergência dos estudos sobre 
população e consumo. REBEP 32(2): 357-380. 
 
Moran EF. 1993. Deforestation and Land Use in the Brazilian Amazon. Human Ecology 21: 1-21. 
 
Perz SG. 2002. Population growth and net migration in the Brazilian Legal Amazon, 1970- 1996. 
In Wood CH, Porro R (ed). Deforestation and land use in the Amazon. University Press of 
Florida, Gainesville, Florida, USA. pp.107–129. 
 
Pfaff A, Robalino J, Herrera D, Sandoval C (2015) Protected Areas’ Impacts on Brazilian Amazon 
Deforestation: Examining Conservation – Development Interactions to Inform Planning. PLoS 
ONE 10(7). 
 
Pinedo‐Vasquez M, Zarin DJ, Coffey K, Padoch C, Rabelo F. 2001. Post‐boom logging in 
Amazonia. Human Ecology 29: 219-239. 
 
Poppel F, Heijden C. 1997. The effects of water supply on infant and childhood mortality: a 
review of historical evidence. Health Transition Review. 7: 113-148. 
 
Reher DS. 2011. Economic and Social Implications of the Demographic Transition. In: Lee RD, 
Reher DS (ed.). Demographic Transition and Its Consequences. New York, United States.  
 
Rigotti JIR. 2012. Transição Demográfica. Educação Real 37: 467-490. 
 
Rodrigues A, Ewers RM, Parry L, Souza C, Veríssimo A, Balmford A. 2009. Boom‐and‐bust 
development patterns across the Amazon deforestation frontier. Science 324: 1435-1437. 
Santos D, Calentano D, Garcia J, Aranibar A, Veríssimo A. 2014. Social Progress Index for the 
Brazilian Amazon. IMAZON.  
 
Sandbrook C, Nelson F, Adams W, Agrawal A. 2010. Carbon, forests and the REDD paradox. 
Oryx 44: 330-334. 
 
SathlerD. 2014. Repercussões locais das mudanças climáticas globais: urbanização, governança 
e participação comunitária. Caminhos de Geografia 15: 01-19. 
 
Sathler D, Monte-Mór RL, Carvalho JAM, Costa A. 2010. Urban Hierarchy in the Brazilian 
Amazon. REBEP 27: 251-269. 
 
Sears RR, Padoch C, Pinedo‐Vasquez M. 2007. Amazon forestry transformed: integrating 
knowledge for smallholder timber management in Eastern Brazil. Human Ecology 35: 697-707. 
 
Shukla J, Nobre C, Sallers P. 1990. Amazon Deforestation and Climate Change. Science 247: 
1322-1325. 



19 
 

 
Soares-Filho B, et al. 2010. Role of Brazilian Amazon protected areas in climate change 
mitigation. Proceedings of the National Academy of Sciences 107: 10821-10826. 
 
Soares-Filho B. 2006. Modelling conservation in the Amazon basin. Nature 440: 520-523. 
 
[SPSS] Statistical Package for the Social Sciences. 2001. The SPSS twostep cluster component:  
A scalable component enabling more efficient customer segmentation. (02 September 2015; 
www.spss.ch/upload/1122644952_The%20SPSS%20TwoStep%20Cluster%20Component.pdf)  
 
Steurer R, Trattinig R. 2010. Sustainable development as a governance reform agenda: 
Principles and challenges. Pages 33-55 in Steurer R, Trattnigg R. eds. Nachhaltigkeitregieren. 
Eine Bilanzzu Governance-Prinzipien und Praktiken. Oekom. 
 
[UCS] Union of Concerned Scientists. 2011. Briefing: Brazil’s Success in Reducing Deforestation. 
Paper presented at Union of Concerned Scientists; February 2011, Cambridge, United States of 
America. (02 September 2015; www.ucsusa.org/sites/default/ 
files/legacy/assets/documents/global_warming/Brazil-s-Success-in-Reducing-
Deforestation.pdf). 
 
[UN] United Nations. 2011. Technical Paper No. 2011/1 International Migration in a Globalizing 
World: The Role of Youth. New York, United States.  
 
[UN] United Nations. 2013. Population Division 2013. Department of Economic and Social 
Affairs.International Migration Report. 
 
[UNDP] Human Development Report. 2013. The Rise of the South: Human progress in a diverse 
world. United Nations Development Programme. 
 
[UNESCO] United Nations Educational, Scientific and Cultural Organization. 2005. Education for 
human development. Ayrton Senna Institute. 
 
[UNFCCC] United Nations Framework Convention on Climate Change. 2007. Decision-CP.13. 
Bali Action Plan. 
 
[UN-REDD]United Nations on Reducing Emissions from Deforestation and forest Degradation.  
2015. UN-REDD Programme Strategic Framework 2016-20.UN-REDD Programme. 
 
Zhang T, Ramakrishnon R, Livny MB. 1996. An efficient data clustering method for very large 
databases. Paper presented at the Proceedings of the ACM SIGMOD Conference on 
Management of Data; 4-6 June 1996, Montreal, Canada. 


